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Figure 1. Framework of the proposed method.
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Figure 3. The DNN based on the stacked CDAE.
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Fig. 1. Overview of the proposed pipeline for noise reduction in low-dose
CT. The generative adversarial network consists of two components: a
generator CNN and a discriminator CNN. The generator uses regression
to determine the routine-dose HU value at every voxel in a low-dose CT.
It does this through a skip connection which subtracts an estimated
noise image from the input low-dose image. The discriminator tries to
distinguish reduced noise CT images from real routine-dose images.
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Figure 7. Denoising results of our model. Image in the left of each pair shows the noisy image and the image in the right shows the denoised
image.
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