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Generative Adversarial Nets
—— NIPS 2014, lan J. Goodfellow
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Structure
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The evolution of generation
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Loss function
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Algorithm
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Algorithm 1 Minibatch stochastic gradient descent training of generative adversarial nets. The number of
steps to apply to the discriminator, k, is a hyperparameter. We used & = 1, the least expensive option, in our
experiments.

for number of training iterations do
for k steps do
e Sample minibatch of m noise samples {z'*), ... 2™} from noise prior p,(z).
e Sample minibatch of m examples {;ﬂ”, . ,-J:{”“J} from data generating distribution|
Pdata( ).
e Update the discriminator by ascending its stochastic gradient:
1 - 1 1 i
deEZ [ngD (:ut’.E J) + log (1 — D (G (z{ j)))} .
i=1
end for
e Sample minibatch of m noise samples {z'*/,..., 21"/} from noise prior p,(z).
e Update the generator by descending its stochastic gradient:
1 :
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end for

The gradient-based updates can use any standard gradient-based learning rule. We used momen-
tum in our experiments.




Experiment
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GANSs paper
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For example—SIimGAN

SimGAN: CVPR 2017 best paper
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For example——CycleGAN (ICCV 2017)
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Conclusions
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