N I'ﬂ:{)é\%

LB T PR

(1) GAN
THAT GAN BRI A H, RSP, Hik;

(2) S+U SimGAN
SN F] CVPR 2017 best paper , Fl FH o bR 25 44 18 1 — 4> Simulator f1—™ Refiner #&5 4
FEMR et Bk 5 B IEME RIS &, IR T — DGR 2% Refiner; S
45 BB T H A I B MR R

Synthetic /

Refined

Simulator

Real vs Refined DISGrIeratOr

Unlabeled real

Figure 2. Overview of SimGAN. We refine the output of
the simulator with a refiner neural network, R, that mini-
mizes the combination of a local adversarial loss and a ‘self-
regularization’ term. The adversarial loss ‘fools™ a discrimi-
nator network, D, that classifies an image as real or refined.
The self-regularization term minimizes the image difference
between the synthetic and the refined images. The refiner net-
work and the discriminator network are updated alternately.
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® Dual Learning Xk

" Microsoft

Dual Learning

Primal Task f: x =
Agent / f X \ Agent

| 3
: Unlabeled data > Feedback signals during the loop: Predicted label
' * R(x,f,g) = s(x,x"): reconstruction error.  y = f(x)
: * L(y) and L(x): Likelihoods.
Environment 3 / Environment
“ Dual Task g:y = x

Algorithms like policy gradient can be used to improve both primal
and dual models according to feedback signals
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CGAN(Conditional Generative Adversarial Nets)
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® infoGAN
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* ~ ¢ Generaltive image Manipulation




® iGAN (Generative Visual Manipulation on the Natural Image Manifold)
75 B ARG AR T WAL 1

User edits Generated i images

=== Color

mmm Sketch

3. Python i& 5 &l
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