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[1] LeCun et al. Optimal Brain Damage NIPS'90 m

[2] Hassibi, et al. Second order derivatives for network pruning: Optimal brain surgeon. NIPS’93 )
[3] Han et al. Learning both Weights and Connections for Efficient Neural Networks, NIPS'15 m 10x less connections
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LeNet-300

Original Compressed Compression

Size Size Ratio

1070KB — 27KB

LeNet-5 1720KB —*> 44KB 39x
AlexNet 240MB — 6.9MB 35x
VGGNet 550MB —11.3MB 49x
el e 28MB — 2.8MB 10x
s 44.6MB — 4.0MB 11x

Original
Accuracy
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99.20%
80.27%
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89.24%

Compressed :f*fw
Accuracy v

—

ﬁ

98.42%

99.26%

80.30%

89.09%

88.92%

89.28%




K
SN AR A

Iz 72 B JA)
o ¥ RMRIZH
%35 B AE 3T A A

/ k

IR

2

STk
(ol

B

(N
u




A2 AR B AR

o HRELTHAXFG R

© MAXRAIIEINI B AN 47 8
° AL FIRFI-FE—tensorflow

e ENLZHMAILRILER

e FIMMHIACHAR, NATHMEA,
A8l B AE T kR,




S LAk

° Han S, Pool J, Tran J, et al. Learning both weights and connections for efficient
neural network[C]//Advances in Neural Information Processing Systems. 2015:

1135-1143.

Han S, Liu X, Mao H, et al. EIE: efficient inference engine on compressed deep

neural network[C]//Proceedmgs of the 43rd International Symposium on Computer
Architecture. IEEE Press, 2016: 243-254.

° Han S, Mao H, Dally W J. Deep Compression: Compressing Deep Neural Networks
with Pruning, Trained Quantization and Huffman Coding. ICLR, 2016, 56(4):3--7.

° Han S, Pool J, Narang S, et al. Dsd: Dense-sparse-dense training for deep neural
networks. ICLR, 2017.







