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{Time Series Segmentation through Automatic Feature Learning)
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Algorithm 1 Our Deep Learning Based Breakpoint De-

»
é é:l:": tection Approach.

I

Input: The input data {s; }:T=wa a is the learning rate;

Output: The set of detected breakpoints C;
[****Optimize W,b, by, W" for Feature Extrac-
tion® ™ **/
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Initialize the set of breakpoints as © = 0

*{—\‘_Z?IJ_\I[J 75‘?‘/2 5 2. For each iteration=1,2.3--- do

3 Set AW = 0,Ab, = 0,Ab; = 0,LAW' = (;
4 Compute the partial derivatives with respect to
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AW = AJ(W. b by, W')
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5. Update W, b,, by, W' by gradient descent as
W =W — aAW
b, := b, — aib,
by == by — aby ©)
W= W' — aAW'
freseenaennn e Breakpoint Detection

6. For each segmented time window s; do

7. Extract features f; according to Eq. 1;

8 Compute distances Dist; between consecutive
feature vectors according to Eq. 10;

0, If Dist; is a local-maximal distance do

10. Classify t as a breakpoint, i.e, C «— CU
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